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Graph-based Color-texture Region Segmentation

MENG Qing-tao, GONG Sheng-rong, LIU Chun-ping, WANG Chao-hui
(School of Computer Science & Technology, Soochow University, Suzhou 215006 )

Abstract Graph cutting is a popular technique for image segmentation. However, it is invalid for images with texture or
strong edge. In this paper, we propose a novel segmentation method that graph-based color-texture region segmentation,
which overcomes the shortcoming of existing graph-based segmentation method. This method computed feature vector of
blocks using color moment, wavelets energy histogram and distance of blocks. Then we segment the image based on a
minimal spanning tree. The experimental results show that our method is robust and efficient for image segmentations.
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Tab.1 Comparison of different segmentation methods
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Fig. 1  Performance comparison of segmentation result
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Fig. 2 Performance comparison of segmentation result
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